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• Salient Local Features

Main Idea



Max-Pool

Image Feature Map

Main Idea

• Pooling Body Parts on Feature Maps

Image Level Affine Transformation Concat
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• Comparison with the three base networks

• Comparison with PIE

Experimental Results



• Comparison with state-of-the-art methods on Market1501 and CUHK03

Experimental Results

(a) Comparison with state-of-the-art   
methods on Market1501. Rank-1 
accuracy (%) and mAP (%) are shown.

(b) Comparison with state-of-
the-art methods on CUHK03. 
Rank-1 accuracy (%) is shown.



• The impact of body part segmentation error

Experimental Results



• Complementary effects

Experimental Results
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• Retrieval examples

Experimental Results



• Propose a DJL network to learn better feature representation from both entire image 

and local body parts.

• Do feature level alignment by pooling the features around the body parts to learn 

misalignment robust local features.

• Jointly optimizes the global and aligned local features to further enhance the 

discriminative capability of learned feature representations.

• The simple and efficient DJL pipeline can be easily integrated with other state-of-the-

art person re-ID networks

Conclusion
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